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Which is a “right” norm?
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L C, —TulLC;B—’ C —fu_g
Induced norm ’ Quadratic norm
min max ki%i:;f% min xo,zrg?_xaya) k*ui + 3

Induced norm: cost normalized by size of state and noise.

In many practical cases, small perturbations and small noises do cost less!
Quadratic norm captures how much large perturbations/noises hurt

Moral: signal even in adversarial situations
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