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. . . by an unbounded factor [Mitter, Sahai ’99]

Finding optimal strategy is nonconvex [Witsenhausen ’68] 
NP-hard [Papadimitriou, Tsitsiklis ’84]

Semi-exhaustive search techniques  [Deng, Ho ’99]
[Baglietto, Parisini, Zoppoli ’01]

[Lee, Lau, Ho ’01]
[Lee, Marden, Shamma ’09]

[Karlsson, Gattami, Oechtering, Skoglund ’10]
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Is the counterexample relevant? Part I

5

Just connect them using an external channel!

partial-nestedness [Ho, Chu ’72]

quadratic-invariance [Rotkowitz, Lall ‘06]

[John Doyle, “Paths ahead”, MIT, 2009]

Q1. Why should we use actions for signaling?
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Moral: signal even in adversarial situations
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